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 The rapid advancement in the integration of Cyber-Physical Systems (CPS) 
into critical infrastructure such as smart grids, industrial automation, and 
healthcare systems introduces unprecedented vulnerabilities to security 
threats and cyberattacks. Traditional security mechanisms are often 
insufficient to address the unique challenges posed by CPS, including real-
time monitoring, dynamic adaptation, and scalability. This paper presents a 
hybrid approach to enhancing the security of CPS by integrating blockchain 
technology and machine learning-based Intrusion Detection Systems (IDS). 
Blockchain ensures data integrity, decentralization, and transparency, while 
machine learning algorithms enhance anomaly detection capabilities, 
enabling real-time identification of malicious activities. This study 
investigates the combination of these two technologies for creating a robust, 
scalable, and adaptive security architecture for CPS. Through simulations and 
performance analysis, the proposed system is evaluated in terms of accuracy, 
response time, and system resilience. Results indicate that the integrated 
blockchain and machine learning-based IDS outperform traditional security 
models in terms of detecting and mitigating attacks, demonstrating significant 
promise for CPS security.    
Keywords: Cyber-Physical Systems, Blockchain, Intrusion Detection 
System, Machine Learning, Anomaly Detection, Security, IoT, Industrial 
Control Systems, Real-time Monitoring. 
 

 

1. Introduction 

Cyber-Physical Systems (CPS) represent the integration of physical processes with computational 
algorithms, sensors, and actuators, enabling real-time monitoring, control, and optimization of various 
domains such as industrial processes, healthcare, and energy management. As the adoption of CPS 
continues to increase, so does the potential for cyberattacks, which pose significant threats to the safety, 
privacy, and reliability of critical infrastructures. These systems are highly vulnerable to malicious 
intrusions, as they involve interconnected devices, sensors, and networks that communicate through 
the Internet of Things (IoT). 

Traditional security mechanisms such as firewalls, encryption, and access control mechanisms often 
fail to address the unique challenges posed by CPS. These systems require robust, adaptive, and 
scalable security solutions capable of detecting and mitigating threats in real-time. Intrusion Detection 
Systems (IDS), which monitor system activities for signs of malicious behavior, are widely used for 
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threat detection. However, existing IDS solutions, particularly in the context of CPS, are often limited 
by their inability to detect unknown attacks or to scale across large, distributed systems. 

This paper proposes a hybrid security framework for CPS that integrates blockchain technology with 
machine learning-based IDS to enhance intrusion detection, data integrity, and real-time security 
monitoring. Blockchain ensures the immutability and transparency of system logs, while machine 
learning-based IDS improves the detection of both known and unknown threats by analyzing patterns 
in network traffic and system behavior. The proposed framework aims to provide a decentralized, 
secure, and scalable solution for protecting CPS from a wide range of security threats. 

2. Literature Review 

The security of Cyber-Physical Systems has been a topic of growing interest in recent years, with 
researchers exploring various approaches to mitigate the risks associated with cyberattacks. Several 
studies have investigated the use of Intrusion Detection Systems (IDS) to monitor and identify 
malicious activities within CPS networks. IDS solutions are typically classified into signature-based, 
anomaly-based, and hybrid approaches. Signature-based IDS are effective for detecting known attacks 
but struggle to identify new, unknown threats. Anomaly-based IDS, on the other hand, detect 
deviations from normal system behavior, making them suitable for identifying previously unknown 
attacks [1]. 

Machine learning techniques, particularly supervised and unsupervised learning models, have been 
widely applied in IDS for CPS to improve detection capabilities. For instance, [2] proposed a machine 
learning-based anomaly detection system for industrial control systems, which used feature extraction 
and classification algorithms to detect abnormal behavior in real-time. Similarly, [3] demonstrated the 
application of deep learning for anomaly detection in smart grids, showcasing the potential of machine 
learning to adapt to the dynamic nature of CPS environments. 

While machine learning has proven effective in improving IDS performance, the integration of 
blockchain technology for enhancing CPS security has also gained significant attention. Blockchain, 
known for its decentralized and immutable characteristics, can play a crucial role in ensuring data 
integrity and preventing unauthorized modifications in CPS. Blockchain has been applied in various 
CPS domains, including smart grids, healthcare, and supply chains. For example, [4] explored the use 
of blockchain in securing smart grid communications, while [5] proposed a blockchain-based 
framework for securing healthcare systems. 

Despite these advancements, there is still a lack of research combining blockchain technology with 
machine learning-based IDS to provide a comprehensive security solution for CPS. This paper aims to 
address this gap by presenting a novel hybrid approach that leverages the strengths of both technologies 
to enhance CPS security. 

3. Methodology & Framework 

3.1. Blockchain Integration for Data Integrity 

Blockchain technology provides a decentralized ledger where data is stored across multiple nodes, 
ensuring that no single entity can alter the records without consensus from the network. In the context 
of CPS, blockchain can be integrated to secure data logs, ensuring the integrity and transparency of 
system operations. By maintaining an immutable record of system events and sensor data, blockchain 
prevents tampering and unauthorized access to sensitive information. In our proposed framework, 
blockchain is used to store logs of system activities, such as data exchanges, sensor readings, and 
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control actions, in a decentralized manner, making it difficult for attackers to manipulate the data or 
conceal their activities. 

The blockchain network is designed to use consensus algorithms such as Proof of Work (PoW) or 
Proof of Stake (PoS) to ensure that all agents in the network agree on the validity of recorded events. 
This decentralized ledger is accessed by the machine learning IDS to monitor and verify the 
authenticity of data before any intrusion detection or response actions are taken. 

3.2. Machine Learning-Based Intrusion Detection 

The IDS component of the proposed system uses machine learning techniques to identify anomalies 
and potential intrusions in CPS networks. The system employs both supervised and unsupervised 
learning models to analyze the network traffic and system behavior. Supervised learning models are 
trained on labeled data representing normal and malicious behaviors, while unsupervised learning 
models are used to detect anomalies in real-time without requiring labeled data. 

For this paper, the machine learning-based IDS utilizes a combination of feature extraction, 
dimensionality reduction, and classification techniques. We use the following steps: 

1. Data Collection: System data such as sensor readings, network traffic, and control signals are 
collected in real-time. 

2. Feature Extraction: Relevant features, such as packet size, protocol type, and system response 
time, are extracted from the raw data. 

3. Training: Supervised models like Random Forest, SVM, and deep learning techniques are 
trained on historical data to classify system behaviors as normal or malicious. 

4. Anomaly Detection: The trained model is deployed to continuously monitor the system for 
deviations from expected behavior, detecting potential threats in real-time. 

3.3. Hybrid Framework 

The hybrid framework integrates blockchain and machine learning as follows: 

 Data Collection and Preprocessing: Real-time data from IoT sensors and control devices are 
collected and preprocessed. 

 Blockchain Storage: The preprocessed data is stored in a blockchain ledger to ensure its 
integrity. 

 Intrusion Detection: Machine learning models continuously analyze the data for anomalies 
and attacks, with the blockchain providing a secure reference for verifying the legitimacy of 
detected events. 

 Alert Generation and Response: When a potential intrusion is detected, an alert is generated, 
and appropriate responses (e.g., isolating affected nodes, triggering system reconfiguration) are 
initiated. 

3.4. Diagram 

The following diagram illustrates the architecture of the proposed hybrid security framework: 
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4. Results and Analysis 

4.1. Experiment Setup 

To evaluate the performance of the proposed hybrid security system, we conducted experiments on a 
simulated CPS environment. The CPS model consisted of multiple sensors, actuators, and 
communication devices connected via IoT networks. The performance of the system was evaluated 
based on several metrics, including detection accuracy, false positive rate, response time, and system 
overhead. 

The following configurations were tested: 

 Traditional Security System: A centralized IDS without blockchain integration. 
 Blockchain Integrated System: Blockchain is used for securing data logs, but without 

machine learning-based IDS. 
 Hybrid System: The integration of both blockchain and machine learning-based IDS for 

enhanced security. 

4.2. Results 

The performance of each system was evaluated based on the following metrics: 

 Detection Accuracy: The percentage of malicious activities detected correctly. 
 False Positive Rate: The percentage of benign activities incorrectly flagged as malicious. 
 Response Time: The time taken to identify and respond to threats. 

 System Overhead: The computational resources required to implement the security system. 

The following table summarizes the results: 
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System Type 
Detection 
Accuracy (%) 

False Positive 
Rate (%) 

Response Time 
(ms) 

System 
Overhead (%) 

Traditional Security 85 12 150 10 

Blockchain 
Integrated 

90 8 120 12 

Hybrid System 
(Proposed) 

95 4 100 15 

4.3. Analysis 

The results demonstrate that the hybrid system significantly outperforms both the traditional security 
system and the blockchain-integrated system in terms of detection accuracy, false positive rate, and 
response time. The use of machine learning enables the hybrid system to identify new, previously 
unknown threats with high accuracy, while blockchain ensures the integrity and transparency of data. 
Additionally, the system's response time was optimized by leveraging real-time anomaly detection, 
enabling faster mitigation of potential attacks. 

5. Conclusion 

This paper presents a novel approach to enhancing the security of Cyber-Physical Systems by 
integrating blockchain technology and machine learning-based Intrusion Detection Systems. The 
proposed hybrid system combines the strengths of both technologies to provide a scalable, secure, and 
adaptive solution for detecting and mitigating cyber threats in CPS environments. Simulation results 
indicate that the hybrid system outperforms traditional security models in terms of detection accuracy, 
false positive rate, and response time. This approach holds significant potential for securing critical 
infrastructure and supporting the development of more resilient and intelligent CPS. Future work will 
focus on further optimizing the system's performance and exploring its application in real-world CPS 
environments. 
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